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Residuals show no pattern vs x

Straight line assumption correct
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y2

residuals
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Residuals show parabolic pattern vs x
Incorrect straight line assumption

.
° hd ®

.

- v, :
: PR
b ] . .

% %% ge .o
¥4 o ®° ° < :
° ® (29 y .’P. e
° % o o ® . e%ge,e 2o
W 00 . b e & ‘!
-, '.~’.l‘ o o ::'.{' K e ele

s ° o . L) * o . %
....'. e o ° oo ° R . ... “n ':l-‘.
.« ® - . . e = . «® wih B ..,
. .
* ' o2 ey * ° L} $ e ~ ¢ % .
....l‘ :“:..: .::. eo ® .o ° ¢ o ° :‘ { L o .“..l -...
o 0
__________ ."_.__.:t’__ $2% _,‘::.g..!,_____c._,__'____,__.__-____"___c '.".'-_‘{,_:._:.._._'__'__'_______
S e '.. 'c‘:' Yoo ° '.'-".q. . : ‘o @ c: * * el .: bia 'f '..' 'o".. <.
o
o* > o’ o ::'l.: 's... * of o0ed o < o ..:-." :.' * e $eo ‘Co‘ ’.’ o« 8 .c.
° ® d ’.'.. o .": T < e . .n.'-‘ %% °
. o ° 3." 5 o %% 00 (Y13 C o o .li. ‘e, . ? LS
. e 0 et : ) ‘... : .;: °® -..- o o %, s e *°% % °e .
s e
* . ° o ° e 5:. .‘.'.gc, S 14 -‘;"... . .: . LA °°
° * ® Te% ¢ ° 0 o - Y
®e o o* %o we % °° . ® * *
. . S 0 L% .;l o *%etes’®
° . . . - e . .
® ° e° J ) - . .
. . o e o0 o o .
.
.
.

40 60 80 100




y3

residuals
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Residuals show curvilinear pattern vs x
Incorrect straight line assumption
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y4

residuals
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Residuals show parabolic pattern vs x
Incorrect constant variance assumption
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y5

residuals
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Residuals show non—constant variance pattern vs x
Incorrect constant variance assumption

.
* . ., R
. ® e
. . - . o . ¢
. e 8 ... . ° .... . ° .
. o o ° . ° o % °
.-.. °e . :... .o . .. .l . . e . . . .
l‘ . o % oY% : % e ' S . e
) * . X * Se Lese’ 0 o ¢ « ° . oo ee. * * % 2 ° .
Fd P o0 ® o o % . ° o® o 0% ¢ o o O %, e, ° .
e ..‘s i S HENL $ oo .ng;. s % ® ° e . % °
° . .

.'.’.. K Y .’ o ° .“:. 'S YA .:".'.". o o 0% ..c l.s' ...': :-. * .0 . ‘..\-i'o
WY . ° o % o -®® ¥} ' o o
“'::.' : '.‘.‘u' o$° °° .'..‘... .‘. L ...- .‘ A ... n *,° :. * e’ & - ..:.':..'::. '... ..‘ :. K .o.‘:.“

$ o go_ o%e %% o o © o ° o % [ o' o g X
:l.: .--.. .-'.“ .... -. A .:- _-.:.-. o .:- .o -..‘ R L) |..:o:. “ oo o o .-. oo .. ,_..... ;:..:‘ .! p

°

. 0.'.-'..'3 o -.,-.:: . . Sl ket et Ve .° . NI n..-‘. YA

hd .

. -. ('] : . .: .O S o e0° o . ... - O . e ° .‘o' %.. * o o .
L) . 3 .
o.c.. . 8 " . . . . ..0:. . r'] .:. ¢« ° . ‘Q . .:.: .'~
° ® ° ..- .' “ . .. AU .
: ° ¢ % [ ..' ¢ o ° o . °®
o o . . ° . LY K
. o ® * '. ® o 'n'.
. = . o ®
* o * ® e
.
.

0 20 40 60 80 100



y6

residuals
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Residuals show no pattern vs x
Straight line assumption correct
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Larger sample size (50000)
Incorrect constant variance assumption
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Residuals show non—constant variance pattern in boxplot

0-10 10-20 20-30 30-40 40-50 50-60 60-70 70-80 80-90



Larger sample size (50000)
Straight line assumption correct
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Residuals show constant variance pattern in boxplot
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